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INTRODUCTION METHODS

 The clinical dark-field CT scanner (DFCT) enables
attenuation- and small-angle scatter-based imaging of
human-scale phantoms.
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RESULTS
Reference Gaussian Filter Bilateral Filter TV Filter Gaussian Splatting

CNR=2.45 CNR=4.33 CNR=7/.18 CNR=9.83 CNR=7.61
FWHM=16.37 FWHM=32.73 FWHM=23.72 FWHM=9.25 FWHM=7/.59

_§ 50- —@— Contrast-to-noise Ratio (CNR) 1 « The TV filter yields a higher CNR than the
O Full-width-at-half-maximum (FWHM) ! 3DGS method (CNRy, = 8.09 =+ 3.47,
g 40- CNRgpgs = 6.74 + 2.51).
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<,  The sharpness preserved with the 3DGS
S €20 method is noticeable (FWHM;, = 15.80 =+
Cfl : 16.21, FWHM;p55 = 10.06 + 8.83).
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